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Finite Element Method Finite Difference Method Finite Volume Method
FEM FDM
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Boundary Element Method Discrete Element Method
BEM DEM
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 Message Passing
— MPI

* Multi Threading
— OpenMP, CUDA, OpenCL, OpenACC
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Flat MPI vs. Hybrid
Flat-MPl:Each PE -> Independent

Hybrid :Hierarchal Structure

memory
memory
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